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Behaviorfbased Learning Controller for Mobile Robot using Topological Map
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Abstract - This paper introduces the behavior-
based learning controller for mobile robot using
topological map. When the mobile robot navi-
gates to the goal position, it utilizes given
information of topological map and its location.
Under navigating in unknown environment, the
robot classifies its situation using ultrasonic
sensor data, and calculates each motor schema
multiplied by respective gain for all behaviors,
and then takes an action according to the
vector sum of all the motor schemas. After an
action, the information of the robot’s location
in given topological map is incorporated to the
learning module to adapt the weights of the
neural network for gain learning.

As a result of simulation, the robot navigates
to the goal position successfully after iterative
gain learning with topological information.
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