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A Stody on. Auto-Classification of Acoustic Emission Signals Using Wavelet Transform

and Neural Network
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transform is ' utilized as
preprocessing of Neural Network(MN) to identify
aging state of internal partial discharge in
transformer. The discrete wavelet transform is used
to: produce wavelet coefficients which are used for
Classification .

The statistical parameters (maximum of wavelet
coefficients, average value, dispersion , skewness,
kurtosis) using the wavelet coefficients are input
into  an back-propagation neural network. The
neurons whose weights have obtained through Result
of Cross—Validation.

The Neural Network learning stops either when the
error rate achieves an appropriate minimum or when
the learning time overcomes a constant value. The
networks, after training, can decide if the test signal
is Early Aging State or Last Aging State or normal
state

The discrete wavelet

Key Wards(F 8 89]) : Acoustic Emission Signals,
Discrete Wavelet Transform, Wavelet coefficient ,
Feature Extraction, Maulti~Decomposition,
Neural-Network
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