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Abstract

This paper describes an approach for extracting
invariant features using a view-based representation
and recognizing an object with a high speed search
method in FLIR. In this paper, we use a reformulated
eigenspace technique based on robust estimation for
extracting features which are robust for outlier such
as noise and clutter. After extracting feature, we
recognize an object using a partial distance search
method for calculating Euclidean distance.

The experimental results show that the proposed
method achieves the improvement of recognition rate
compared with standard PCA.
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