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A Nove!l Algorithm for Fault Classification in Transmission Lines
using a Combined Adaptive Network-based Fuzzy Inference System

S.M. Yeo. C.H. Kim
Sungkyunkwan University

Abstract - Accurate detection and classification of faults
on transmission lines is vitally important. High
impedance faults(HIF) in particular pose difficulties for
the commonly employed conventional overcurrent and
distance relays, and if not detected, can cause damage to
expensive equipment, threaten life and cause fire hazards.
Although HIFs are far less common than LIFs, it is
imperative that any protection device should be able to
satisfactorily deal with both HIFs and LIFs. This paper
proposes an algorithm for fault detection and
classification for both LIFs and HIFs using Adaptive
Network-based Fuzzy Inference System(ANFIS). The
performance of the proposed algorithm is tested on a
tvpical 154[kV] Korcan transmission line system under
various fault conditions. Test resuits show that the
ANFIS can detect and classify faults including (LIFs and
HIFs) accurately within half a cvcle.
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2. ANFIS (Adaptive Network-based Fuzzy Inference System)
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T3 1 : If x is A; then fi=pix+1;
73 2 : If x is A2 then f2=pax+r2
73 3 : If x is Az then f3=p3x+rs
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