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Abstract

This paper for the method that automatically
extracts moving object of the video image is
presented. In order to extract moving object, it is
that velocity vectors correspond to each frame of
the video image. Using the estimated velocity
vector, the position of the object are determined. the
value of the coordination of the object is initialized
to the seed, and in the image plane, the moving
object is automatically segmented by the region
growing method and tracked by the range of
intensity and information about position. As the
result of an application in seguential images, it is

available to extract a moving object.
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