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Abstract
In this paper, we design a nonlinear adaptive
controller using wavelet neural network. The method
proposed in this paper performs for a nonlinear
system with unknown parameters, identification with
using a wavelet neural network, and then a nonlinear
adaptive controller is designed with those identified
informations. The advantage of the proposed control
method is simple to design a controller for unknown
because we use the identified
informations and design parameters are positioned

nonlinear systems,

within a negative real part of s-plane. The simulation
results showed the effectiveness of proposed controller
design method.
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