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Abstract

Fuzzy controllers also show good performance in
case of the systems being nonlinear and difficult to
solve. But these fuzzy controllers have problems
which have to decide suitable rules and membership
functions. In general we decide those using the
heuristic methods or the experience of experts.
Therefore, many researchers have applied genetic
algorithms to make fuzzy rule automatically.

we suggest a new coding
method to

maintain the good fuzzy rule base and the

In this paper,

method and a new crossover

shape of membership
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Table 1 Parameter for Simulation
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Table 2 Result of Fuzzy Control Using G.A
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