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Abstract

In this paper, we propose a ADALINE
controller using fuzzy-backpropagation
algorithm to adjust weight. In the proposed
ADALINE controller, using fuzzy algorithm for
traning neural network, controller make use of
ADALINE due to simple and computing
efficlency. This controller includes adaptive
learning rate to accelerate learning. It applies
to servo-motor as an controlled process. And
then it take a simulation for the position
control, so the verify the usefulness of the
proposed ADALINE controller.
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