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Region Based Object Tracking with Snakes
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Abstract

In this paper, we proposed the object-tracking algorithm that recognizes and estimates the any shaped and
size objects using vision system. For the extraction of the object from the background of the acquired images,
spatio-temporal filter and signature parsing algorithm are used. Specially, for the solution of correspondence
problem of the multiple objects tracking, we compute snake energy and position information of the target

objects. Through the real-time tracking experiment, we verified the effectiveness of the suggested tracking
algorithm.
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Y Position{pixels )

Fig. 7 Center position in image coordinate(2)
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