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Abstract In this paper, we propose the
modeling of a chaotic nonlinear system using
wavelet neural networks. In our modeling, we
used the parameter adjusting method as the
training method of a wavelet neural network. The
difference between the actual output of a
nonlinear chaotic system and that of a wavelet
neural network adjusts the parameters of a
wavelet neural network using the gradient-descent
method. To verify the efficiency of this paper, we
perform the simulation using Duffing system,
which is a representative continuous time chaotic
nonlinear system.
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