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Load variation Compensated Neural Network Speed Controller
for Induction Motor Drives
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Abstract In this paper, recurrent artificial necural
network (RNN) based self tuning speed controller is
proposed for the high performance drives of induction
motor. RNN provides a nonlinear modeling of motor
drive system and could give the information of the load
variation, sysiem noise and paramcter varation of
induction motor to the controller through the on-linc
estimated weights of corresponding RNN. Thus,
proposed self tuning controller can change gains of the
controller according to system conditions. The gain is
composed with the weights of RNN. For the on-line
estimation of the weights of RNN, extended kalman
filter (EKF) algorithm is used. Self tuning controller
that is adequate for the speed control of induction
motor is designed. The availability of the proposed
controller is verified through the MATLAB simulation
with the comparison of conventional PI controller.
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Stator resistance 0.5814 2
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Stator leakage inductance 3.479mH
Rotor leakage inductance 4.15mH
Magnetizing inductance 78.25mH
Rotor inertia 0.1 kgm2

Base frequency 377 rad/s
Rated torgue 19.8Nm
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