. B ZAE 9T HEN MEZE Y S5 Y

B4 TAE AS ME

NEE Wgf

At
>
0%
IE

DI A
EEELER EE RS
A3} : 02-922-0863 / =¥ : 011-9706-1354

Incremental Support Vector Learning Method for Function
Approximation

Chae-Hwan Leem, Jooyoung Park
Dept. Control and Instrumentation Engineering, Korea University
E-mail : mirage@cie0l .korea.ac.kr

Abstract

This paper addresses incremental learning method
for regression. SVM(support vector machine) is a
recently proposed learming method. In general
training a support vector machine requires solving a
QP (quadratic programing) problem. For very large
dataset or incremental dataset, solving QP problems
may be inconvenient. So this paper presents an
incremental support vector learning method for
function approximation problems.
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