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The prediction of the optimum injection conditions of aspherical lens by using FEM and
Neural Network

T.S. Kwak(RIKEN, Japan), T. Suzuki(RIKEN, Japan), H. Omori(RIKEN, Japan),
W.B. Bae(Precision Mecha. Eng. Dept., PNU)

ABSTRACT

A neural network model for predicting the quality or soundness of the injected plastic aspherical lens based on process
parameters has been developed. The approach uses a Real Time Recurrent Neural Network 4-5-2 (RTRN) trained based on
input/output data that were taken from FE analysis works carried out through a CAE software. The system has been

developed to search an optimum set of process parameters and reduce the time required for planning the conditions of plastic

injection molding at the design stage.
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Table 2 Operating ranges of Input Conditions

Levels Zy Z, I
Tmeit (T) 280 300 320
Tmotd (T) 100 120 140
t fiing (sec) 0.5 0.7 1.0
t holding(sec) 1.0 1.5 2.0
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Table 2 Injection molding conditions selected by Neural
Network training and FE analysis

Inj. Conditions 1 2 3 4 5 6

Tmet {T) 295 | 315 | 300 | 295 | 280 | 315
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Fig. 4 Cavity pictures of Molds for Plastic Aspherical
Lens
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Fig. 6 Training data from FE Analysis for Shrinkage
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