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ABSTRACT

Traditional queueing analyses are very useful for designing a network’s capacity and predicting
there performances, however most of the predicted results from the queueing analyses are quite
different from the realistic measured performance. And recent empirical studies on LAN, WAN
and VBR traffic characteristics have indicated that the models used in the traditional Poisson
assumption can’t properly predict the real traffic properties due to under estimation of the long
range dependence of network traffic and self-similarity

In this paper self-similar characteristics over statistical approaches and real time network traffic
measurements are estimated

It is also shown that the self-similar traffic reflects network traffic characteristics by comparing
source model.
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2.3 Periodogram Method
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