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Fuzzy Modeling by Genetic Algorithm and Rough Set Theory
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Abstract

In many cases, fuzzy modeling has a defect that the
design procedure cannot be theoretically justified. To
overcome this difficulty, we suggest a new design
method for fuzzy model by combining genetic
algorithm(GA) and rough set theory. GA, which has
the advantages is optimization, and rule base. However,
it is some what time consuming, so are introduce
rough set theory to the rule reduction procedure. As a
result, the decrease of learning time and the
considerable rate of rule reduction is achieved without
loss of useful information. The preposed algorithm is
composed of three stages; First stage
quasi-optimization of fuzzy model using GA(coarse
tuning). Next the obtained rule base is reduced by
rough set concept{rule reduction). Finally we perform
re-optimization of the membership functions by GA(fine
tuning). To check the effectiveness of the suggested
algorithm, examples for time series prediction are
examined.
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