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A study on the text—-dependent speaker recognition system
Using a robust matching process.
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Abstract

A text-dependent speaker recognition

using a robust matching process is studied. The

system

feature histogram of LPC cepstral coefficients for
matching is used. The matching process uses

mixture network with penalty scores. Using
probability and shape comparison of two feature
The

experiment results will be shown to show the

histograms, similarity values are obtained.

effectiveness of the proposed algorithm.
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