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Indirect Adaptive Control Using Wavelet Neural Networks with Genetic Algorithm
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Number of wavelet function 5
Number of past state 2
Number of past input 2
Sampling time 0.02
Learning rate 0.01
Generation 60
Population 20
Off-line identification result (MSE) 0.0083
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Number of wavelet function (controller) 3
Number of past state (controller) 1
Number of past input (controller) 1
Sampling time (controller) 0.02
Learning rate (controller) 0.06
Population 20
On-line identification result (MSE) 0.0801
Control result (MSE) 0.0312
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