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Abstract - ILC(Iterative Learning Control: ¢l3} ILC)
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292, Learning scheme for motion command simplification.
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13, Learning scheme for motion command scaling.

3.2 ILC command Simplification and Scaling scheme
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295, Block Diagram of PD- type ILC scheme
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2196, Learning scheme for ILC command simplification
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1%7. Learning scheme for ILC command scaling.
4. Simulation
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