SELG NS US4l

0

+84d

o

Neist MNE22 dEI1 Y

2171 H° orx = R.S.Ramakrishna

2EEIIE

£l

HESMIEM

{kimkpo, cwan, rsr}@kjist.ac.kr

A New Selection Mechanism of Genetic Algorithms
for Diversity Maintenance and Fast Convergence

Kipyo Kim®, Chang Wook Ahn, R.S.Ramakrishna
Dept. of Information and Communications, Kwang-Ju Institute of Science and Technology (K-JIST)

[=]
=

g =2
PIE M2 dEIIEE
2 AN HHME £F =&
= ELYE dE J|H 2HEES DF6H, HigHY
EMSC MY ZN2REH M 202E

[

HIerstet,

ol A

1. A8

SEX ¢elE2 2 =oli(optimal solution)E =
QUM HXG LES stLI! AL SEH
20l Hioh ZEGHE RS Jts4O0l
ICH1J-[6]. DLt SHZSIAX dt= Xt
HidEe H2 UE2d |REK ¢Delse
X Holil 2 ¥=0 &4 IatH & CHT]

g02EUAM C.E“(selection)ﬂ 1 B (crossover) =
}" R SR8 S &HXI0ICH]]-
of FAF Eh:. MU= %Tol

W oo e
2@ 10 13 w
[T

Mo o

=

=)

o
P

=
=

[+]

HEE S8 HES FMAUE OI%OPO# /\HE:-:
2 U010 BHCH1T,[31,15].

SEIX LN2BNAM L2 AEEE A8 HIHLISY
EHMED|IYEE =@ ic(fitness) HIWLHAS SIMHE OS
AITHS JHHMZe2 MUSIXC AUNezE XNggZdt
A= S M2 JEED oglis 980 UACH
ST LAeI59 Udd(diversity)S ZAAIH XA oH(global

%‘&"HI% gHE

w=2

optimum)E ZX 28612 XI=dH(local optimum)E FH di=
20101 S CHS].

Oeta OFf =R0iMde s&8X g1el&d2 Ogds
LANMINK F2HA EUPi_E_ g Mg QU2 £856t=
MZ2 HENS MHEiD|ES HMSHSICH Ol |o] HE Tt &2
SO CHeHA = EL:{P_*E Jgg HE6 08 MU=
HYOIHA BAM HEZI Z2 SMUN HolMbe= 2F
+=EQZ MELE NE ZHOIULL

REX 20215 Cr4d(diversity)E
Ol 9o MeTI
HEEIH SIUCH T8 I1EL o) S0 = oHE

(24

[¢] ]
o

S XSt A SAI0 =& (convergence) {8 SA&HAIZ|DI

LM B OIS MUZ HLBIHM SAI0 HES
UHINO2 AIRE

e

PN2IES AT W +HECE 2o MES Soli i ¥

2IIEY EHHE M) H0 Bl 2+

353

S8 S ol GHAL

2. BHE X4

JIEY =g 2SS 2HS SIAX o= SHESE
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2.2 Deceptive Problem (DP)
J1-10 J@12s 242

= =

3bit/abit Deceptive functionsi®

LIERCH x =2 SMHUA R 201D & RTX M-8
UIEHLHG y &2 Nz @ S8l oi2i® pDPee REX
LB 452 BIGDI| /gt =22 MABELH2], [7)
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3.1 EHOYE 4|
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Apply tournament selection

‘With extremely low probabikty

it can be copied or nok.
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