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Eui-Am Dam Reservoir Inflow Forecasting Using Neural Network
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RMSE(cms) ME(%) R? MF (%)
NN12-6 14.84 16.30 0.89 -18.93
NN12-4 14.46 16.87 0.92 -9.48
NN8-6 12.15 16.70 0.91 2.34
NN8-4 11.77 11.96 0.93 1901
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