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A>B
number of transactions containing A U B

support =

number of total transactions

number of transactions containing A U B

confidence =

number of transactions containing A
o Fa =& YEE =X HE =F LY FoO,

2 AJAAD Ot &= FEojcH=0d X010t

UAg 20ICH

o RAS giHE® HfHfrequent item set)S XN ESHI|
et Oiole X2 o4 ECIE Ouldts CZA Hd=¢g

E2)(MLST, Multi-level Linear Sequence Tree)[ 3]0 =&t

HAPIE UACH. MLST= =2 FEE0 AMEEAU =A2
HEGO UALM, S8 & Y4F=0 G2 8 s
AxEIH 1 H2E I REHCH MLSTOIM &= d&82
HElste 22 J8 110 &Ch
F2 {a, b} ae® c |2
{b, ¢} bel—> ¢ | 2
{b, e} € ol e |3
{c, e} : e T2
8 1 F2R BE88 MLSTS 2&
@ [ HRSE =X IE F=ES FEE AR

LML AMRAA Qo] E=ES FEE &8stn, Ase
Jtse RE g2 ZEGID M2 2 &S &9 £
SN BIOI wASICH 02 ol QUEZRA &HFSE= 53
g fiH Edls Y EFXH HNEHE 2UE M2
8t0H,  W3el 3J0 met 21 FEHAQ HH F= B3
FOMe 2t H Al2tE =zttt =8 OiLieh Glole ol
et ALY XIA0F gl MEXHN HM AlZE HRO=
B3l 300 28 HE S0 FOHXI W20 =X HE
FEo 450 =HAIDICH B2 XMO0IE UEHWII= 80

3. et " HHXI E2t (MLLT)

CHEHOl H8 BHEX E2i(MLLT, Multi-level Linear Location
Tree)s =X MHES FE5H= HENAM k-BHE AMEA R,
= k-F2 ARA CE XMESt= UIOIE REOICH MLLTE
AHE X Ol(lexicographical) A2 FHEE #=2g9 FEol
Ki(element)EY 2IAE, & AIAAE Z8sl=0 AIESECH

MLLTS) REE 2¢, AMA2L 21 SoUst &8 2D
Us BR 1 FEE BRI, <(ad), f, u><(a, d), f, ke
F ARAE
d), > 8 IR E2EM, W22 2T 22 Eod
oAl E0l= EE MR

E5, ANZEAE BBSIEM UNAM St A0 Tt
& BESZ LIs0 HMIZIBC F S0l 8 {29 =2
HZEHE FRY F 820 O A2 QA= 3L,
0l2i8t & R0 HLdle HK/ESES 20 MEEHEQ =AZ
Fgs (8 2249 PP &= 23T E &C o2
E0,<a b><a, c>= F 820 A2 TS |40 K322,

J8 20 E& 23 201 Al2AY 22E <(a,

71

S 8= b, cB 20t 3lLIQ =50 W0 HOIEI o
e &= bE Ji2i3I<E 8iCh. 1D2isto, MLLT U=
L E(internal node)E2 25 (item, cPtr, dPtr}e X8 REE
MR &, 8 e ¢ &2(consecutive item)E Il

EOIEIS OIldt #=(discrete item)& Ji2idi= HOHE
JXIE Z0ICH el 2ot LC(leaf node)s U LS9
g TXO0 supportdl £8 XNEdi= BAE FO (item,
cPtr, dPtr, support) 2 SEHE (&L,
leaf nodé"""“--»».-...;
Internal node
._..-'"': s 2
u 2
:_-"::: u 4
L AT
a-: 5 ™ .‘/ cﬂ/ . >
Level 1 Level 2 Level 3 Level 4
F4
a->b->c—->f
ad ->f->u
lad -> f -> k *
adk -> s
adsu

J@ 24-Big AIRAO sHE8H= MLLT o X

4. O101Y Ol £S( Mining Method)

MLLTE 0I88 &X e =& LEMAA EA{Join)
JIES £ gyE Uz mEdt. Jdu I8 30M 2&

A 20l AN ch=silis NE HAE = ACH
Hlxg AFASE 20t &8 ZUE AHA ==

MLLTOI M= 8teiol HME Zof St XQlgt= S28 2%
A2 £ AN ©HD F =S8 SASteE 282 X0l AL
OIRIRICH &,St <(a,b)> 8 J{BI2=2 gt C32 A3 st
S2&= bZ AESHE AIRAD O U0 SO 014 B2 <b,
a>9 A &2 <(b,c)>, (b, e)>2 ¢ B AMEZ S|
OIFIXIMH, 0l & LEE SAECEMN X0l HA0| SAEL)

JFXIX21(Pruning) M2 JIE AT OQIRJIXZ, &%
MAASS 2E ARAE A8, vIH AIAAQXIO
gt ZALE Soll 0IRXNESZ, o Eclet S0 £#ECH

XXZ H&(Support Counting)Olde Bix8 AIRAES

[=E=]
T

Q0 w2 BLE 2= MLLTE 088%AS8 2. &4
ER2lE 0185t PO 2M B0 B A5 A4S
IHHEC



2003 % 3

tlo

A Vol. 30. No. 2

/ b | 2 b( .
b | 3 Lol
b *

(/ c a (/ \\
a// ad c c
b *1 [4 2 b.'/ c e

e 2

\ e a

a 3 a"‘\
\ b
b
c

2-81H AR A XOICZ M2l 3-8IH AIRA

J# 3MLLTR oI88 X0 25

Join( _cur_level, _start, _cons_end, _end,
s2_start, s2_cons_end, s2_end,
SequentialPatterns& next_sequential_patterns,
unsigned longk _join_result_cons_size)
if( cur_level == m_depth 01) // leaf level
for( el in S1) {

if( e2 in S2 such an el is founded)
each consecutive and discrete node of
e2 is copied and attached on el in
_next_sequential_patterns
}
else // internal node
for( el in 81 ) {
if( €2 in S2 such an el is founded )
recur join with children of el and
children of €2 such it and attach el
on m_depth-1 node of
NextSequentialPattern
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Dataset CT S ;I ‘D

C10-T2.5-S4-11.25-D100K 1025 4 1.25 100,000

C10-T2.5-S4-11.25-D200K 1025 4 1.25 200,000
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C10-T2 5-34-)1.25-0100

Time(ssconds)

0.75
Minimurm Support(%)

C10-T2 5-§4-11.26-D200

Time(seconds)

9.5

0.75
Minimurm Suppon{%}
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