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Abstract

In this paper, we propose an iterative mixed norm image restoration algorithm using multi regularization

parameters., A functional which combines the regularized {2 norm functional and the regularized /4

functional is proposed. The smoothness of each functional is determined by the regularization parameters.

Also, a regularization parameter is used to determine the relative importance between the regularized /2

functional and the regularized /4 functional. An iterative algorithm is utilized for obtaining a solution and

its convergence is analyzed.*
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SNR SNR
Uniform 10 3.25 3.89
Uniform 20 2.11 2.71
Uniform 30 3.58 4.01
Laplacian 10 317 3.36
Laplacian 20 2.09 231
Laplacian 30 3.58 3.67
Gaussian 10 3.19 3.22
Gaussian 20 2.08 2.30
Gaussian 30 359 372
Combination 10 442 4.68
Combination 20 2.05 2.39
Combination 30 3.02 334

% 1. 4% ux




