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Abstract

In this paper, we explore a new data mining
capability that is based on Quantitative Attribute
and Time Series. Qur solution procedure consists of
two setps. First, We derive an algorithm to contain
the Quantitative Attribute into a set of candidate
item. Second, We redefine the concepts of confidence
and support for composite association rules. It is
shown that proposed methode is very advantageous
and can lead to prominent performance improvement.
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