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Abstract

This paper presents a three-dimensional (3D) head
pose estimation algorithm using the stereo image. Given
a pair of stereo image, we automatically extract several
important facial feature points using the disparity map,
the gabor filter and the canny edge detector. To detect
the facial feature region , we propose a region dividing
method using the disparity map. On the indoor head &
shoulder stereo image, a face region has a larger
disparity than a background. So we separate a face
region from a background by a divergence of disparity.
To estimate 3D head pose, we propose a 2D - 3D Error
Compensated-SVD (EC-SVD) algorithm. We estimate
the 3D coordinates of the facial features using the
correspondence of a stereo image. We can estimate the
head pose of an input image using Error
Compensated-SVD (EC-SVD) method. Experimental
results show that the proposed method is capable of

estimating pose accurately.
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