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Abstract
This paper describes a method of performance
for the
recognition

enhancement using Flatness Mesure(FM)
Model(GMM)
systems. Using this measure we discard the frames

Gaussian Mixture face
having low information before training and test. As
the result, the performance increases about 9% in the
lower mixtures and calculation burden is decreased.
As well, the recognition error rate is decreased under
the illumination change surroundings. We use the 2D
DCT face feature vectors and
experiments are carried out on the Olivetti Research
Laboratory (ORL) face database.
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