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Abstract

We presents a new algorithm for tracking person in
video that the
iteration procedure into the particle filtering. Utilizing
the nice property of convergence to the modes in
the meanshift iteration we show that only a few
while in general the

sequence integrates meanshift

sample points are sufficient,
particle filtering requires a large number of sample
points.  Mult-parts tracked
independently of each other based on the color.
Then,
color

of a person is
the similarity against the reference model
the
multi-parts are reflected as the sample weights.

Also presented is the computer simulation results,

and geometric  constraints between

which show successful tracking even for complex
background clutter.
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