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Abstract

This paper deals with face detection and
recognition using ellipsodal information and wavelet
packet analysis. We proposed two methods.

First, Face detection method uses general ellisodal
information of human face contour and we find eye
position on wavelet transformed face images

A novel method for recognition of views of human
faces under roughly constant illuminantion is
presented. Second, The proposed Face recognition
scheme is based on the analysis of a wavelet packet
decomposition of the face images. Each face image
is first located and then, described by a subset of
band filtered images containing wavelet coefficients.
From these wavelet coefficients, which characterize
the face texture, the Euclidian distance can be used
in order to classify the face feature vectors into
person classes. Experimental results are presented
using images from the FERET and the MIT FACES
databases. The efficiency of the proposed approach
is analyzed according to the FERET evaluation
procedure and by comparing our results with those
obtained using the well-known Eigenfaces method.
The proposed system achieved an rate of 97%(MIT

data) ,95.8%(FERET databace)
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