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A Novel Iris Recognition using wavelet features
which are generated from wave signal simplification
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Abstract : This paper presents a novel iris recognition method using wavelet transform and curve
simplification. One-dimensional signals, which are calculated over circles on the iris, are decomposed into a
multiple frequency bands. Each decomposed signal is approximated by a piecewise linear curve connecting node
points. The curve is simplified by progressively removing unimportant node points while keeping the shape of
the curve. Finally, a small number. of node points represent features of each signal. Experiment results show
that the presented method results in good performance in various noise environments.
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Fig. 1 Detection of inner and outer boundary
of iris
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Fig. 2 Localized iris images
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Fig. 3 Process of feature code generation
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Fig. 4 Wavelet feature generation using curve
simplification algorithm

4714 Curve simplification® YUY Hi= piecewise
linear curve® FAHQY Feio] 4P L ¥ F&E £

g AATLe grdFeld. o ved Ad
€ Garland9] 2-D mesh simplificationd] 7]Zgc}[6].
Curve simplification?] 71&& AFHAFE  edge
collapse criterions] #% WE&E 29 58 Fu= 3
9 ¥¥xd gg 2o



19 5 Edge collapse 7|1&
Fig. 5 Criterion of edge collapse
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Fig. 6 Similarity degrees (a) zero crossing
method , (b) the pyramid wavelet decomposition

method , (c) the proposed method
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