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Abstract: This paper presents a new short-term load forecasting system using data mining. Since the electric
load has very different pattern according to the day, it definitely gives rise to the forecasting error if only one
forecasting model is used. Thus, to resolve this problem, the fuzzy model-based classifier and predictor are
proposed for the forecasting of the hourly electric load. The proposed classifier is the multi-input and
multi-output fuzzy system of which the consequent part is composed of the Bayesian classifier. The proposed
classifier attempts to categorize the input electric load into Monday, Tuesday Friday, Saturday, and Sunday
electric load, Then, we construct the Takagi-Sugeno (T-S) fuzzy model-based predictor for each class. The
parameter identification problem is converted into the generalized eigenvalue problem (GEVP) by formulating
the linear matrix inequalities (LMIs). Finally, to show the feasibility of the proposed method, this paper

provides the short-term load forecasting example.

Keywords @ Short-term load forecasting, data mining, fuzzy-Bayesian classifier, Takagi-Sugeno (T-S) Fuzz
model-basd predictor, linear matrix inequality (LMI), generalized eigenvalue problem {(GEVP).
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Fig.1 Domestic hourly electric load for 10/4712/19
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Fig. 2. Prediction results for Monday electric load
data between 10/1712/186.

i i
20 100 200 30 400 500 &0 706 BS00 900
AIZE(AD

g 100 200 3306 400 6§00 700 BO0 900

800
ALZE (AN

29 3 10/1712/16 71 & BHadRH §89 A¥
Bate] g 43 ZF (A AA 149 2
3, A 43 AF 5.

Fig. 3. Prediction resuits for Tuesday”Wednesday
Electric load data between 10/1712/16.
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Figure 4. Prediction results for Saturday Electric
load data between 10/1712/16.
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Fig. 5. Prediction results for Saturday Electric load
data between 10/1712/16.
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Fig. 6. Prediction result for 12/17712/23 Electric load
data.
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