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Improvement of rotor flux estimation performance of induction motor using
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Abstract
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In this paper, a novel rotor flux estimation method of an induction motor using support vector

machine(SVM) is presented. Two well-known different {lux models with respect to voltage and current are
necessary to estimate the rotor flux of an induction motor. The theory of the SVM algorithm is based on
statistical learning theory. Training of SVM leads to a quadratic programming(QP) problem. The proposed SVM
rotor flux estimator guarantees the improvement of performance in the transient and steady state in spite of
parameter variation circumstance. The validity and the usefulness of proposed algorithm are throughly verified

through numerical simulation.
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Fig. 2. Stmulation results at high speed(1000rpm) when
no load is applied.
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no load is applied.
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Fig. 5. Simulation results at low speed(Orpm) when
10Nt-m load is applied.
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