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Fig. 3 Evolutionary computing-based RBF neural
network
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Table 1 Performance index of RBF neural network for the
nonlinear function

34 £[PI(%)] B 7HE[EPH %))
Agwg 12.7 11.1
GMDH 47 57
HAA R [ 15 2.1
HzA e 11 1.1 36
kgt =g 0.165 0.404

i 2 GAs®} RBF A7 3lz4e] #d HHE
Table 2 Information related to GAs and RBF neural
network

Maximum generation 300
Population size 60
Selection operator roulette-wheel
(iAs Crossover operator one-point
Mutation operator 0.8
Mutation rate 0.08
String length 10
RBF Iteration l:"?OO
Neural Input laver 3
. Ilidden laver 6
Network Output laver 1
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Fig. 5 (a) Original output and model output of testing data
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