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The optimum pattern recognition and classification using neural networks
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Abstract - We become an industry information society which is advanced to the altitude with the today. The
information to be loading various goods each other together at a circumstance environment is increasing extremely. The
restriction recognizes the data of many quantity and it follows because the human deals the task to classify. The
development of a mathematical formulation for solving a problem like this is often very difficult. But Artificial intelligent
systems such as neural networks have been successfully applied to solving complex problems in the area of pattern
recognition and classification. So, in this paper a neural network approach is used to recognize and classification problem
was broken into two steps. The first step consist of using a neural network to recognize the existence of purpose
pattern. The second step consist of a neural network to classify the kind of the first step pattern. The neural network
leaning algorithm is to use error back-propagation algorithm and to find the weight and the bias of optimum. Finally
two step simulation are presented showing the efficacy of using neural networks for purpose recognition and

classification.
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Figure 1. Structure of error back—propagation neural
network
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Figure 2. Neural network Structure for pattern

recognition
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