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Inference Ability Based Emotion Recognition From Speech

= =7 %
L

}1\:} :H i*t

(Chang-Hyun Park, Kwee-Bo Sim)

Abstract - Recently, we are getting to interest in a user friendly machine. The emotion is one of most important
conditions to be familiar with people. The machine uses sound or image to express or recognize the emotion. This paper
deals with the method of recognizing emotion from the sound. The most important emotional component of sound is a
tone. Also, the inference ability of a brain takes part in the emotion recognition. This paper finds empirically the
emotional components from the speech and experiment on the emotion recognition. This paper also proposes the
recognition method using these emotional components and the transition probability
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