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The na? e Bayes classifier using
singularities and pseudo ridges
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prob{8] = {pW, pR, pL, pA, pT}

// probl] is calculated by the naive Bayes classifier
order[5) = {0, 1, 2, 3, 4)
o-svm[5] = {mW, mR, mL, mA, mT}

// o-svmi] is obatined by the OVA SVMs

// ordering
for(i=0; i<5; i++)
for(j=i+1; j<5; j++)
if(probli] < probljD
{ int iTemp = problil; probfi] =
problj] = iTemp;

prob[j];

iTemp = order[i}; orderlil = order[j];
orderfjl = iTemp: }

// classifying
if(problorderf0]] < r1) // rl is a rejection threshold
return reject;
for(i=0; 1<5; i++)
{ if(o-svmlorder(il] >= a) // a is a threshold
{ if(o-svmlorder(il] < r2) // r2 is a rejection threshold
return reject;
return order{il; }}
return order[0];
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