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Optimal Identification of Nonlinear Process Data Using GAs-based Fuzzy
Polynomial Neural Networks

ol 1", A", A, 244"
(In-Tae Lee, Wan-Su Kim, Hyun-Ki Kim, Sung-Kwun Oh)

Astract - In this paper, we discuss model identification of nonlinear data using GAs-based Fuzzy Polynomial Nerual
Networks(GAs-FPNN). Fuzzy Polynomial Neural Networks(FPNN) is proposed model based Group Method Data
Handling(GMDH) and Neural Networks(NNs). Each node of FPNN is expressed Fuzzy Polynomial Neuron(FPN). Network
structure of nonlinear data is created using Genetic Algorithms(GAs) of optimal search method. Accordingly, GAs-FPNN
have more inflexible than the existing models (in}from structure selecting. The proposed model select and identify its for
optimal seach of Genertic Algorithms that are no. of input variables, input variable numbers and consequence structures.
The GAs-FPNN model is select tuning to input variable number, number of input variable and the last part structuer
through optimal seach of Genertic Algorithms. It is shown that nonlinear data model design using Genetic Algorithms
based FPNN is more usefulness and effectiveness than the existing models.
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