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Implementation of Automated Motor Fault Diagnosis System
Using GA-based Fuzzy Model

w2t AN & AT, u A
( Tae-Geun Park’, Ki-Seok Kwak", Tae Sung Yoon™, Jin Bae Park™" )

Abstract - At present, KS-1000 which is one of a commercial measurement instrument for motor fault diagnosis has
been used in industrial field The measurement system of KS-1000 is composed of three part : harmonic acquisition,
signal processing by KS-1000 algorithm, diagnosis for motor fault. First of all, voltage signal taken from harmoinc
sensor is analysed for frequency by KS-1000 algorithm. Then, based on the result values of analysis skilled expert
makes a judgment about whether motor system is the abnormality or degradation state. But the expert system such a
motor fault diagnosis is very difficult to bring the expectable results by mathematical modeling due to the complexity of
judgment process. In this reason, we propose an automation system using fuzzy model based on genetic algorithm(GA)
that builded a qualitative model of a system without priori knowledge about a system provided numerical input output

data.
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