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The Performance Advancement of Test Algorithm for Inner Defects
in Semiconductor Packages
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ABSTRACT

In this study, researchers classifying the artificial flaws in semiconductor packages are performed by pattern
recognition technology. For this purposes, image pattern recognition package including the user made software was
developed and total procedure including ultrasonic image acquisition, equalization filtration, binary process, edge
detection and classifier design is treated by Backpropagation Neural Network. Specially, it is compared with various
weights of Backpropagation Neural Network and it is compared with threshold level of edge detection in
preprocessing method for entrance into Multi-Layer Perceptron(Backpropagation Neural network). Also, the pattern
recognition techniques is applied to the classification problem of defects in semiconductor packages as normal, crack,
delamination. According to this results, it is possible to acquire the recognition rate of 100% for Backpropagation
Neural Network.
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Fig. 2 Binary conversion for gray image
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Fig. 5 Classifier of Backpropagation neural network
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Fig.10 Learning result by classical algorithm
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Fig.11 Learning result by advanced algorithm for i815
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Fig.12 Recognition result in i815

Fig.13 Recognition result in i815 & 840

Fig.14 Recognition result in i815 & i840 & e0
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