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ABSTRACT

In this paper, we introduce a probabilistic model based on Bayesian networks (BNs) for inferring human
fatigue by integrating information from various visual cues and certain relevant contextual information. Visual
parameters, typically characterizing the cognitive states of a person including parameters related to eyelid
movement, gaze, head movement, and facial expression, serve as the sensory observations. But, an individual
visual cue or contextual Information does not provide enough information to determine human fatigue.
Therefore in this paper, a Bayesian network model was developed to fuse as many as possible contextual
and visual cue information for monitoring human fatigue. At the experiment results, display the utility of the
proposed BNs for predicting and modeling fatigue.
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