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Abstract

The Black-Scholes (BS) option pricing model is a landmark
in contingent claim theory and has found wide acceptance in
financial markets. However, it has a difficulty in the use of the
model, because the volatility which is a nonlinear function of the
other parameters must be estimated. The more accurately
investors are able to estimate this value, the more accurate their
estimates of theoretical option values will be. This paper proposes
a new model which is based on Particle Swarm Optimization
(PSO) for finding more precise theoretical values of options in the
field of evolutionary computation (EC) than genetic algorithm
(GA)or calculus-based search techniques to find estimates of the
implied volatility.
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3. Particla Swarm Optimization
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Variable  Number ~ Mean Std Dev. Min Max
GA-O: 356 (.252165 0.122227 0.033467 0.99491
PSo- (3' 356 0.218271 0.120411 (.033253 (.99483p
Actual Call 356 10.057612 9.036544 0.01 3h2
GA-Cal 356 10.098946 9.088217 (.008925 3.199932
PSO-Call 356 10.097486 9.087701 0.01 35.199969
Diff GA 356 0.04134 0.051673 0 1.752164
Diff PSO 356 (.039876 0.051157 0 1.752161
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