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Algorithm: Heterogencons Clustering Ensemble {HCE)
Input :
{1} The data set of N data peints D = Xq. Xuoo X
(2} A set of clustering algorithins. K
- i : the number of clastering algorithmy available for analysis
3) Tl diffrrent cluster results, €
- K, generates different clustering results, €, from the data sct D
{4} The eluster rosult is S= {Skye,. Skhaey.. ki, .
- Skie, ave different numbers of JIaster resul, L of Vhe 7 " algorithm
Output
The optimal chister results on the dataset D
1. Run clustering algorithms K, ou D
2. Construct a paire rempty subset. SA with only two rlusters, from
the cluster results
4. Merate o until convergence (penmute the eluster results of the data for every

iteration) :
3.1 Compute the fitness function Fi1) and select two parents/sulwets from
SAL
3.2 Crossover two parents
- cotapare hotween the tirst paront cluster vesults and the scoond par-
wnt cluster resualbix
- yeplace the clusters of the saeomd parent based upon the first parent
which has the largest namber of Righly-overlapped elanonts
. yopoat again clusters replacement with the first pacent basad apon
the second parcnt
3.9 Replace SAM¢" parent subsets by newly-created offspring
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