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A Study on Aircraft Accidents Rules Classified by Inductive

Learning Machine
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Rule 1 Approach Fuel
Rule 2 Appraoch Icing
Rule 3 Landing Terrain
Rule 4 Landing N/A
Rule 5 Landingroll Wind
Rule 6 Takeoff Cloud
Rule 7 Takeoffroll Snow
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Té?:‘,get. Attribute

) Meteorological Condition VMC, IMC
V\i Zst:er Condition of Light /Dawn, Day, Dusk, Nigk\l; - Sa e an
- N/A, *Fuel, Cloud, Icing, Wind, | *7|<= - ¢
Conditions Other Factors Terrain, Snow S 892 ¥¥
Runway Abnormal, N/A
Phase of Flight Taxi, Takeoff, Takeoffroll,
During First Maneuvering, Cruise,
Occurrence Approach, Landing, Landingroil
Aircraft Engine Type Reciprocating, Turboprop, Turbofan
Information| Mechanical Problem None, Occupant
Certificate CPL, PPL, ATP, Instructor, None
) * 1000413 m] gk
Pilot Flight Hours *B1000, 1000, 2000, 3000, **A3000 % 3000417 o] A
Information Skill N/A, Low, Mid, High
Instrument Rating None, Airplane
Pilot’s Decision N/A, Low, Mid, High
Controller Skill N/A, Low, Mid
Aircraft Damage None, Minor, Substantial, Destroyed
Most Critical Injury None, Minor, Serious
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