Al

“

AE o|g FHBeN A B 7

A Channel Management Technique using Neural Networks in Wireless Networks
Cheul-woo Ro', Kyung-min Kim', Kwang-eui Lee”, Kwang-baek Kim'
Silla University, “Dongeui University

E-mail : cwro@silla.ackr, sillamin@silla.ac.kr, kelee@deu.ac kr, gbkim@silla.ac.kr
o of
hde =

AL BAYel YolM BFE 28 AY 39 shbolth GFR AW Bel FYSel Aol
gov), A2 5o =AY A5 BAY) $AHD ATk EEANE A4TE o 8H ASA
QA B JEE ALV AP ¥g vlolH 44T YSEHS Ashe] SRN(Stochastic
Reward Net) Aj'd @ ®dlo] pgach Akd /golx AZ%e Axss #E 9344 ¢
P22 olgstel HH9 =AY g gE ALHEE SEVh 44D ARWL olg} HHY g
2 AQsm, o SRNEDA 737 Avs} Mindch 49ade ARl 78 st=dd +
S} SRN BHl2¥E 78 t=dd +o 4dd Aol gge Rz

ABSTRACT

The channel is one of the precious and limited resources in wireless networks. There are many researches
on the channel management. Recently, the optimization problem of guard channels has been an important
issue. In this paper, we propose an intelligent channel management technique based on the neural networks.
An SRN channel allocation model is developed to generate the learning data for the neural networks and
the performance analysis of system. In the proposed technique, the neural network is trained to generate
optimal guard channel number g, using backpropagation supervised learning algorithm. The optimal g is
computed using the neural network and compared to the g computed by the SRN model. The numerical
results show ‘that the difference between the value of g by backpropagation and that value by SRN model is
ignorable.
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