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ABSTRACT

Pitch period detection algorithms are applied to various speech signal processing fields such as speech
recognition, speaker identification, speech analysis and synthesis. Furthermore, many pitch detection
algorithms of time and frequency domain have been studied until now. AMDF(average magnitude difference
function) ,which is one of pitch period detection algorithms, chooses a time interval from the valley point to
the valley point as the pitch period. AMDF has a fast computation capacity, but in selection of valley point
to detect pitch period, complexity of the algorithm is increased. In order to apply pitch period detection
algorithms to the real world, they have robust prosperities against generated noise in the subway
environment etc. In this paper we proposed the modified AMDF algorithm which detects the global minimum
valley point as the pitch period of speech signals and used speech signals of noisy environments as test
signals.
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Fig. 1. Basic-AMDF in a speech signal.
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(b) Modified AMDF after setting angle ©
Fig. 2. Modified AMDF.
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Fig. 3. Modified AMDF of several angle
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Fig. 4. A simulation result.
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