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ABSTRACT

In this paper, we propose a method for improving the performance of the face recognition
using a hybrid neural network. The propose method focused on improving face recognition
technique using SOM and LVQ. In order to verify the effectiveness of the proposed method, we
performed simulations on face database supplied ORL. The results show that the proposed
method considerably improves on the performance of the eigenface, hidden markov model,
multilayer neural network.
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