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Table 1 Base welding conditions employed in experiments

Value
14,16, 18

Varia les
Thickness (mm)

Pass No. 3,4,5

Welding position(®) 0, 45, 90, 135, 180

Groove angle(®) 60
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Fig. 1 Measured bead geometry using 3D scanner
(thickness 18mm , welding position 90°)
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Neural network model
Base metal,
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Welding parameters coefficient — | PET
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— 3\ = Welding current
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Neural network model
for welding parameters

Bead geometry

Neural network model
for bead geometry

Fig. 2 Schematic diagram of Neural network models for selecting the
optimal welding conditions
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Fig. 3 Comparison of measured and predicted welding current at 14mm
thickness using neural network model for welding parameters
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Fig. 4 Comparison of measured and predicted welding current at 14mm
thickness using corrective neural network model
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