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for Robot Knowledge Instantiation
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Rule for Create

IF
0Ol is recognized
AND is not in DB
THEN
Create Instance of Ol

Rule for Update

IF
Ol is recognized
AND is in DB and has Location
AND recognized location is out of Threshold of the location in DB
THEN Update O1 Data
True Positive Rule 1

IF
Ol is recognized in Imagel
AND is in DB and has Location
AND Recognized Location is in Threshold of the location in DB
True Positive Rule 2

IF
Ol is recognized
AND [ is not in DB OR recognized location is out of Threshold ]
AND Every elements of Interval of Ol is true continuously
as long as y

True Positive Rule 3

IF
01 is recognized
AND 02 is recognized
AND Ol has spatial relation with 02
AND Intervals of the objects is overlapped
AND the length of overlapped intervals is ¥ multi
AND Every elements in the overlapped intervals is true
False Negative

IF
Ol is recognized
AND some elements of interval of Ol is false
AND some elements of the interval is true continuously
after false data as long as y
THEN
False data in the interval is considered as False Negative.
AND convert them to true.
False Positive

IF
01 is not recognized since it was
AND the length of continuous data in the interval
which elements are false is y
THEN
True data in the interval is considered False Positive
AND convert them to false so these data are ignored.
True Positive Rule 4

IF
The data of Ol is not satisfied any rules till the length is 3y
THEN
False data in the interval is considered as False Negative
AND convert them to true.
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