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Fig. 1 NNARX model structure
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Neural network identification of EMG and knee joint moment relationship
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형태
case

10x20 10x30 20x20 20x30 30x20 30x30

corr. RMSE corr. RMSE corr. RMSE corr. RMSE corr. RMSE corr. RMSE

case 1 0.99996 0.00018 0.99999 0.00004 0.99999 0.00004 0.99999 0.00004 0.99999 0.00002 0.99999 0.00002

case 2 0.99993 0.00027 0.99999 0.00008 0.99999 0.00008 0.99999 0.00007 0.99999 0.00005 0.99999 0.00004

case 3 0.85796 0.01301 0.728 0.01749 0.93645 0.00865 0.89045 0.01143 0.74495 0.01908 0.9331 0.00968

case 4 0.75282 0.02641 0.65059 0.03197 0.70971 0.02944 0.61991 0.03202 0.80726 0.02505 0.66663 0.02979

역전파신경회로망을이용한추정결과 형태는입력층뉴런수 은닉층뉴런수를의미Table 2 . x

형태
case

10x20 10x30 20x20 20x30 30x20 30x30

corr. RMSE corr. RMSE corr. RMSE corr. RMSE corr. RMSE corr. RMSE

case 1 0.9999 0.0003 0.99997 0.00014 0.99998 0.0001 0.99998 0.00011 0.99904 0.00094 0.99999 0.00009

case 2 0.99975 0.00052 0.99994 0.00025 0.99997 0.00017 0.99997 0.00017 0.99869 0.00122 0.99998 0.00014

case 3 0.91627 0.01127 0.94718 0.00795 0.86745 0.0124 0.91956 0.00998 0.84645 0.01492 0.86374 0.01412

case 4 0.85854 0.02281 0.91353 0.02147 0.85287 0.02314 0.96436 0.01804 0.75909 0.02605 0.94084 0.01942

모델을이용한추정결과 형태는입력층뉴런수 은닉층뉴런수를의미Table 1 NNARX . x
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