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Optimal Path Generation for Excavator with Neural Networks Based Soil Models
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Fig.1.The path of excavator tip
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Fig.2. soil type identification process
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Fig.3. Four types of training soils (green-soill, blue-soil2,
yellow-s0il3, purple-soil4). Unidentified soil /input soil (black).

Selected soil type /output soil (red)
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Fig.4. Four types of training soils (green-soill, blue-soil2,
yellow-s0il3, purple-soil4). Unidentified soil /input soil (black).
Selected soil type /output soil (red)
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Fig.5. robot excavator, test result
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