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ABSTRACT

The human eyes are important facial landmarks for image normalization due to their relatively constant
interocular distance. This paper introduces a novel approach for the eye detection task using optimal
segmentation method for eye representation. The method consists of three steps: (1)edge extraction method
that can be used to accurately extract eye region from the gray-scale face image, (2)extraction of eye region
using labeling method, (3)eye localization based on intensity information. Experimental results show that a
correct eye detection rate of 98.9% can be achieved on 2408 FERET images with variations in lighting
condition and facial expressions.
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