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Table 1, Procedural algorithm for processing by SOM
Clustering Method based on RFM Analysis

Algorithm for SOM Clustering
Input : Set of N dimension vector, X
Output : Subset of input data (M subsets)

Begin

Randomly initiglize w; = (W;; Wig -+ W, )

for each node

for (t=0; unless a stopping condition is reached; Increase t)
for (for all input data)

for (=0 to M)

compute D, = IX, - W
endfor
Find the winner j=i such that DZ (t)is minimum for
over all i

Update the winner j (and its neighbors)

endfor
endfor
End:
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Table 2, The SOM Result of Customer Purchase Pattern by
SOM
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Table3, The result for table of MAE by comparing proposal
system with existing system

P_count Proposal KCA Existing
50 023 047 0.65
100 0.13 0.23 0.32
MAE
300 0.04 0.07 0.08
500 0.03 0.05 0.06
0.7
=——Proposal(SOM)
a6
==K CA(K-means)
a.s
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Fig. 1. The result for the graph of MAE by comparing
proposal system with existing system
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